eTable 1. List of Medical Comorbidities and ICD-9 Codes
Congestive Heart Failure 398. 91, 402.01, 402.11, 402.91, 404.01, 404.03, 404.11, 404.13, 404.91, 404.93, 428.x Peripheral Vascular Disease 093.0, 437.3, 440.x, 441.x, 447.1, 557.1, 557.9, V43.4 Hypertension 401-405
Chronic Obstructive Pulmonary Disease 416. 8, 416.9, 490.x-505.x, 506.4, 508.1, 508.8 Diabetes Mellitus 250.
x Chronic Kidney Disease 403. 01, 403.11, 403.91, 404.02, 404.03, 404.12, 404.13, 404.92, 404.93, 585.x, 586.x, 588. 22, 070.23, 070.32, 070.33, 070.44, 070.54, 070.6, 070.9, 570.x, 571.x, 573.3, 573.4, 573.8, 573.9, V42.7 Alcohol Abuse 265.2, 303.0, 303.9, 305.0, 357.5, 425.5, 535.3, 980.x, V11.3 Drug Abuse 292.x, 304.x, V65.42 Schizophrenia 293.8, 295.x, 296.04, 296.14, 296.44, 296.54, 297.x, 298.x Depression 296.2, 296.3, 296.5, 300.4, 309.x, 311 
eMethods. Regression Model
This section outlines the regression model used to estimate the expected anesthesia times. Our regression model is given by the following equation:
(1) The unit of observation for our analysis is the individual case (indexed by i). In the equation above, j is an index for each type of procedure (based on the surgical CPT code), k indexes the facility, and t indexes the year the case took place.
is a fixed effect for the given surgical CPT, is a year effect, is a facility fixed effect, and is a vector of patient characteristics including age, gender, and the presence of the comorbidities outlined in Appendix Table 1 . In effect, the regression equation above estimates the expected time for a given anesthesia case by estimating the average time, after adjusting for surgery type, the year the surgery was performed, the facility where the surgery was performed, and patient characteristics including age, gender, and comorbidities. In estimating the equation above, we take the natural log of anesthesia time since, as shown in figure 1 , the natural distribution of anesthesia times broadly resembles a log normal distribution. Regression results from equation (1) are shown in eTable 4.
We can use the estimated regression coefficients from equation (1) to obtain the predicted time for a given case. Since our regression equation used the natural log of anesthesia time as the dependent variable, the predicted value from equation (1) is approximately the natural log of the predicted time. However, we use Duan's smearing estimator to convert the predicted values from the equation above into the actual predicted time (measured in minutes).
Having obtained the predicted times for a given case, we then calculate the difference between the expected and observed times for each case. We then estimate the following linear regression:
=∝ + 1 5 + 2 5 + (2) where is the difference between the observed and the expected time for case i, 5 is an indicator variable that equals one if the anesthesia for case i was in the top 5 th percentile (in terms of reporting anesthesia times ending in a multiple of 5), and 5 is an indicator variable that equals one if the anesthesia practioner was in the top 6 th to 10 th percentile (in terms of reporting anesthesia times ending in a multiple of 5). 1 and 2 are our coefficients of interest, and represent the average amount by which observed anesthesia times for practitioners in these two groups exceed the expected times, compared to practitioners not in these two groups. For example, if 1 equals 30, this would imply that observed times for anesthesia practitioners in the top 5 th percentile exceed expected times by 30 minutes more compared to other anesthesia practitioners. In estimating equation (2) , we cluster our standard errors at the practitioner level.
